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Abstract
Among the five photoreceptor opsins in the eye of Drosophila, Rhodopsin 1 (Rh1) is
expressed in the six outer photoreceptors. In a previous study that combined behavioral
genetics with computational modeling, we demonstrated that flies can use the signals from
Rh1 for color vision. Here, we provide an in-depth computational analysis of wildtype Dro-
sophila wavelength discrimination specifically considering the consequences of different
choices of computations in the preprocessing of the behavioral data. The results support
the conclusion that Drosophila wavelength discrimination behavior can best be explained
by a contribution of Rh1. These findings are corroborated by results of an information-theo-
retical analysis that shows that Rh1 provides information for discrimination of natural reflec-
tance spectra.
Introduction
Color vision is widespread across the animal kingdom. It has been demonstrated in many
insect species, including the fruit fly Drosophila melanogaster[1]. The sensory basis for color
vision is the presence of photoreceptor types with different spectral sensitivities. Five different
photoreceptor types exist in the ommatidial eye of Drosophila. Their respective photosensitive
opsins are called rhodopsin 1 (Rh1), rhodopsin 3 (Rh3), rhodopsin 4 (Rh4), rhodopsin 5
(Rh5), and rhodopsin 6 (Rh6). [2, 3] The ommatidia can be grouped into two types. In the so-
called pale ommatidia the inner receptors cell R7 (R7p) expresses Rh3, while the R8 (R8p) cell,
positioned below R7, express Rh5. In the so called yellow ommatidia R7 (R7y) expresses Rh4,
while R8 (R8y) expresses Rh6 [4–7]. Furthermore, in the ommatidia that span the dorsal third
of the retina, Rh3 is co-expressed within the cells that normally express only Rh4 (R7y) [8]. In
the dorsal most rows of cells both inner receptors express Rh3 [9, 10]. Until recently the com-
mon assumption was that Rh1 does not contribute to color vision [11, 12]. Furthermore, the
outer receptor cells are equipped with an sensitizing pigment, which makes them additionally
receptive in the UV [13–15].
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In a recent study that combined results from computational modeling, electrophysiology,
and behavioral genetics, we have shown that fruit flies are able to discriminate stimuli based on
chromatic differences even when only signals originating from Rh1 and a single other opsin
are present [16]. This implied that Rh1 can be used for color vision in the fruit fly. The model-
ing results were based on published data on wavelength discrimination derived in behavioral
experiments. Because there is some freedom in the derivation of a quantitative estimate of
wavelength discriminability, the method of analysis might have an influence on the outcome.
Therefore, we performed an in depth computational investigation on the role and impact of
Rh1 signals in wildtype Drosophila wavelength discrimination, and we analyzed in detail
whether changes in the assumptions underlying the derivation of behavioral wavelength dis-
crimination data would influence the results.
While it has been shown that dichromatic flies were able to discriminate narrow-band sti-
muli using signals from Rh1 [16], the influence of Rh1 on wildtype Drosophila color vision is
still an open question. In general, the usefulness of having five receptors for color vision could
be taken into question. For human color vision, based on reflectance data fromMunsell chips
and the observation that reflectance spectra are band-limited functions, it has been argued that
a finite linear model of 6–12 parameters should be sufficient to completely reconstruct reflec-
tance spectra from “color signals” [17, 18]. This can be interpreted as an upper bound for the
maximum number of receptor types that would make sense to code for color [17, 18]. How-
ever, the number of photoreceptors that would practically be beneficial has been estimated to
be lower [18]. In general, Vorobyev [19] analyzed the accuracy of reconstruction of fruit and
flower reflectance under realistic levels of receptor noise. He found that for an animal with a
visual system extending into the UV, pentachromacy did not provide a significant benefit over
tetrachromacy. It is therefore questionable whether the signals from Rh1 would actually be
informative.
We therefore analyzed natural reflectance spectra from a large database [20]. We deter-
mined the information content across wavelengths and show that indeed in the range around
500 nm, where we have found that Rh1 is necessary to explain wildtype wavelength discrimina-
tion, information about spectra identity is available from Rh1. In an additional theoretical anal-
ysis of the natural reflectance spectra in the frequency domain we determined the number of
receptor types that would suffice to acceptably approximate the data. We analyzed, based on
mutual information [21], the amount of information in the signals from Rh1 and analyzed
how much of this information is already transmitted by the other opsin.
Methods
Quantifying wavelength discrimination
The ability to discriminate stimuli varying in wavelength has been quantified by deriving so-
called δλ functions [22]. A δλ function indicates the minimal change in wavelength that is nec-
essary, at a certain reference wavelength, for an animal to discriminate a stimulus from the ref-
erence wavelength. In insects and other animals, such quantitative estimates on wavelength
discrimination have been derived from discrimination learning experiments [23]. Animals
were conditioned to choose a certain wavelength above another wavelength, and the animals’
performance was quantified by determining how many animals, or how often an animal, was
able to discriminate the stimuli. The corresponding probability is called a conditioning index
[23]. The procedure is repeated for several wavelength pairs, resulting in a conditioning index
function (see Fig 1).
To derive a quantitative δλ estimate from conditioning index functions, a threshold T is
defined (Fig 1). The amount of wavelength change necessary to reach this threshold is then
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defined as the discriminability at that reference wavelength. By analyzing several conditioning
index curves in this way, an estimate of the δλ function was derived by determining the δλ for
which the discrimination conditioning function Lλ0(δλ) reached the threshold T,
Ll0ðdlÞ ¼ T: ð1Þ
This threshold is arbitrarily chosen and different values have been used. Therefore the
derived estimates constitute only a lower bound of the animal’s ability to discriminate light sti-
muli by wavelength [24].
Eq 1 typically has two solutions, one for longer (δλl) and one for shorter (δλs) wavelengths.
To derive a unique discrimination value per reference wavelength, several strategies have





If the solutions are very different this results in information loss and a less precise esti-
mate. To preserve more information from the conditioning curves into the δλ estimates, Von
Helversen [23] used a different approach. He kept the two values but derived new virtual ref-
erence wavelengths for them by taking the midpoints of the intervals [λ0, λ0 + δλl] and [λ0 −
δλs, λ0] (see Fig 1 for an illustration) denoting δλl or δλs, respectively, as the wavelength dis-
crimination values for the two virtual reference wavelengths,




Fig 1. Example plot of conditioning index data. Animals had been trained to discriminate a reference
stimulus of 500 nm from stimuli of other wavelengths as indicated on the horizontal axis. The vertical axis
shows for each pair how many animals, above chance, gave the correct response. The black solid line shows
a linear interpolation of the data points. The dashed line indicates an (arbitrarily chosen) threshold of 20%. δλi
are the ranges between the reference wavelength and the intersection between the threshold and the
interpolation of the data, as indicated by the gray horizontal lines. The midpoints of these ranges, λ1 and λ2,
are the virtual reference wavelengths as used to derive the wavelength discrimination function [24].
doi:10.1371/journal.pone.0155728.g001
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towards shorter wavelengths, and




towards longer wavelengths. We will call this the split-reference transformation.
This approach circumvents the problem of having two discrimination values per reference
by creating two virtual references. It therefore results in more data points for the wavelength
discrimination function. As both virtual reference wavelengths depend directly on measured
δλs (see Eqs 2 and 3), which have error bars, the positions of the new references are also uncer-
tain. Therefore, these δλ values have errors in x and y [24].
Modeling wavelength discrimination
To determine wavelength discrimination functions, we used an approach based on the method
of Vorobyev and Osorio [26], who modeled spectral sensitivity functions of opponent combi-
nations of receptor responses and calculated the distances between stimuli in the space of such
opponent responses, taking into account the estimated noise in the photoreceptors. We did not
make any assumptions about the noise and more generally asked whether there is a way, to lin-
early combine the opponent channels such that the result would fit to the data.
Let Δqi(λ) be the signal difference that two stimuli evoke in receptor i at wavelength λ. Then
for two receptor types 1 and 2 the signal in a neuronal channel k that combines these two
receptor signals opponently is
S2kðlÞ ¼ ðDq1ðlÞ  Dq2ðlÞÞ2: ð4Þ
The Euclidean distance in a space with a basis formed by several of such opponencies can be
used to predict spectral sensitivity [26]. In the case of Drosophila with five rhodopsins, there
are ten different opponent combinations. From this pool of potential opponent channels we
calculated relative spectral sensitivity thresholds for visual systems combining information







where wk is a vector of weights that scales the opponent channels relative to each other.
Δqi(λ) corresponds to the slope of the spectral sensitivity of the ith receptor at wavelength λ.







We fitted wavelength discrimination functions for different visual systems by adapting wk
to minimize the squared distance between model and data from Hernandez de Salomon and
Spatz [24]. Fitting was performed with a variant of the Levenberg-Marquart algorithm imple-
mented in the Python programming language [27]. We fitted models for different hypothetical
visual systems. We started with models with a single opponent channel, then proceeded to fit
all possible combinations of two opponent channels, then three, and so forth. In this way we
fitted all possible combination up to eight combined mechanism. Including more channels
would have reduced the number of degrees of freedom below 1. However, the systems with
large numbers of channels always yielded poor fits with p below 0.05.
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Opponent channels were derived from published Drosophila spectral sensitivities and had
sensitivity maxima at 478 nm (Rh1), 345 nm (Rh3), 375 nm (Rh4), 437 nm (Rh5) and 508 nm
(Rh6), respectively (see Fig 5 in [14]). Spectral sensitivities were scaled to peak at unity.
To quantify goodness of fit between a model and the behavioral data on wavelength dis-







where xi are the observed discrimination values and yi predictions from the model. σi is the
standard deviation of the data. The error on the wavelength axis (see above) was transformed
into a discrimination error by estimating the impact of the wavelength uncertainty with respect
to the current model estimate. For a given datapoint we calculated the maximum discrimina-
tion uncertainty that the associated wavelength error would have by deriving the maximum
discrimination change that the current model estimate had in a range corresponding to the
given error around the data point. For the wavelengths λi with empirical data on wavelength
discrimination
EðZÞ ¼ DðliÞ  DðZÞ: ð8Þ
is the difference in discrimination between the wavelength λi and η. By taking the maximum of
E(η) in a range given by the error in the wavelength Δi we derived an upper bound for the dis-






By adding this additional error to the discrimination error, the χ2 statistic took uncertainties
in both dimension into account. This is a rather liberal strategy which was used to be inclusive
towards models without Rh1.
The χ2 value, which is a weighted sum of squared errors, does not take the number of fitted
parameters into account. Under the assumption that the underlying random variable is inde-
pendent and standard normal, the χ2 values follow a χ2 distribution derived for a number of
degrees of freedom. From this χ2 distribution we can directly get the likelihood of a given χ2
value. We derived likelihoods for all fits. Only fits that could not be excluded under the null
hypotheses (p-value> 0.05) that the data had been generated from the model, were analyzed
for receptor contributions as described below.
We quantified which receptor types contributed to the discrimination in models for visual
systems that fitted the data (p> 0.05) by calculating the weight of a certain receptor in all mod-
els relative to the sum of weights for all receptors in all models. In the same way, we quantified
the contribution of the ten opponent channels.
To analyze the influence of the chosen transformation from conditioning function to δλ
function, we determined the δλs, δλl, and λ0 values used in Hernandez de Salomon and Spatz
[24] and re-derived wavelength discrimination functions, using the mean transforms intro-
duced above.
Analysis of natural reflectance spectra
To determine the potential contribution of Rh1 to Drosophila color vision, we quantified the
amount of available information as a function of wavelength by calculating the differential
entropy of the spectra dataset in 1 nm intervals. Differential entropy extends the idea of Shan-
non entropy, a measure of average surprise of a random variable, to continuous probability
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distributions. In our case, it indicates how informative signal variation at a given wavelength is
with respect to spectra identity. The higher the value the more information can be gained by
observing the value at that wavelength.




pðxÞ log ðpðxÞÞdx ð10Þ
We calculated the differential entropy for each wavelength using Gaussian kernel density
estimation as implemented in scipy [27].
To estimate the number of receptors that would theoretically be useful to account for natu-
ral color variability, we calculated the power spectral density of the natural reflectance spectra
under D65 illumination using discrete Fourier transform. The power spectrum of a reflectance
spectrum x(λ) describes how the variance of the spectrum is distributed over the frequency
components into which it may be decomposed. Note that frequency in this case does not refer
to the frequency of the electromagnetic wave but rather to the abscissa of the Fourier transform
of the spectral reflectance curve and is therefore measured in cycles per wavelength. If the
power spectrum is band limited, i.e. above a certain frequency practically no power is left, then
such band limited function can very accurately be approximated by a linear model of a few
parameters. The number of parameters is determined by the Whittaker, Kotelnikow and Shan-
non sampling theorem [28]. In the case of visual systems it determines the number of receptors
useful to approximate the spectra in a given visual range (300 nm–550 nm).
The critical question, however, is which receptors are best suited to extract such information
and, for the case of Rh1, how much non-redundant information can the fly gain by integrating
the information from Rh1. To quantify this, we determined the amount of information about
the spectral composition of the environment contained in the photoreceptor signals. We calcu-
lated the mutual information between the photoreceptor outputs ~O as determined by the spec-
tral sensitivities and the spectral inputs ~W , using the established method of of Lewis and
Zhaoping [21]. We did the calculations using the Drosophila spectral sensitivities, normalized
to unit area, and one more principal component as well as a a larger set of reflectance spectra.
The spectra used were from an online database [20] and were mainly reflectances of various
species of flowers. Apart from that, the method was as described by Lewis and Zhaoping [21].
We calculated the information assuming equal noise proportional to the square root of the sig-
nal in all receptors. This corresponds to a situation of normal lighting [21].
Mutual information measures how much information about a random variable Y is
obtained by observing another variable X. In our case it indicates how much uncertainty about










where pð~O; ~WÞ are the joint probability distributions of ~O and ~W , and pð~OÞ and pð~WÞ their
respective marginals. We estimated pð~WÞ from the natural reflectance spectra by means of
principal component analysis on the spectra dataset. We represented each spectrum by its
power in the first four principal components, which capture 95% of the variance in the data.
We then fitted a four-dimensional truncated Gaussian to this dataset and hence derived pð~WÞ.
Truncation was done under the constraint that mean and variance were fixed, that is, the vari-
ance of the fitted function was the same as the variance of the data. To arrive at pð~O; ~WÞ, we
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calculated pð~Oj~WÞ assuming that receptor signals for a given reflectance ~W (calculated with
respect to the spectral sensitivity of the receptor and the derived principal components) vary
due to Gaussian noise. With pð~Oj~WÞ known, pð~O; ~WÞ is simply pð~Oj~WÞpð~WÞ and pð~OÞ can
be calculated as pð~OÞ ¼ R pð~O; ~WÞd~W . Numerical integration was performed on Tesla K80
GPU Accelerators using PyCuda [29] and custom written compute kernels. Detail’s on the
methods can be found in the original publication [21]. Parameters used to calculate the infor-
mation can be found in Tables 1 and 2.
Results
Generally, models including Rh1 fitted the data better than models without Rh1 (see Fig 2). Fig
2a shows the distribution of the χ2 values calculated over all fitted models with and without a
contribution of Rh1. Models without Rh1 generally gave poor fits (best fit p-value below 0.001,
Fig 2c), while a subset of the models with Rh1 explained the data well (best fit p-value of 0.17,
see Fig 2d). Statistics for the best fitting models disregarding one of the opsin types can be
found in Table 3.
Contribution of Rh1
The most prominent difference between models with and without Rh1 was the ability of the
Rh1 models to fit the steep increase in discriminability between 470 nm and 500 nm that is evi-
dent in the data. This increase in discrimination cannot be explained without a contribution of
Rh1, as Rh1 is the only opsin with increasing slope in that region (Fig 2b) and such an increase
in the slope of the spectral sensitivity is a prerequisite for a better wavelength discrimination.
In the models that fit well (p> 0.05), Rh1 was the opsin that contributed second-most to
the fits. Only Rh6 contributed more (Fig 3a). Among the opponent channels, Rh1-Rh6 contrib-
uted most to models that gave good fits (Fig 3b). Together, Rh1-Rh6 and Rh4-Rh6 made up
more than two thirds of the overall contribution.
Table 1. Factors describing the relation between principal component and spectral sensitivity. The val-
ues are the inner product between spectral sensitivities and eigenfuctions of the spectra dataset calculated
for D65 illumination (see [21] Eq 4).
Rh1 Rh3 Rh4 Rh5 Rh6
PC 1 5.58 0.944 1.65 4.35 5.92
PC 2 3.38 -3.59 -3.53 1.34 3.24
PC 3 -5.17 -0.654 -2.83 -6.94 -1.84
PC 4 -3.04 -0.67 -0.164 -0.614 -4.70
doi:10.1371/journal.pone.0155728.t001
Table 2. Factors describing the probability density of the spectral sensitivities. First two column give
the mean and variance of the first four principal components for the set of reflectances. The third column
gives the fraction of the total variance explained by the corresponding principal component. The fourth col-
umn gives the associated eigenvalues.
μ σ2 Var. explained Eigenvalue
PC 1 0 5.05 0.52 3.822e+05
PC 2 0 0.501 0.19 1.386e+05
PC 3 0 1.29 0.17 1.270e+05
PC 4 0 0.75 0.06 4.691e+04
doi:10.1371/journal.pone.0155728.t002
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Fig 2. Fit statistic over all possible models and the best fitting models. (a) Histograms of χ2 values for all fits of models without Rh1 (green) and with
Rh1 (blue). (b) Absolute slopes of Drosophila opsins in the visual range. (c),(d) Best fitting models without Rh1 (i.e. Rh4-Rh6, Rh5-Rh3; weights:609.9
177.1) and with Rh1 (Rh1-Rh6, Rh4-Rh6; weights 100.5, 84.4). (e) Mean-transformed data. (f) Histogram of χ2 values for fits of the mean-transformed
data for models without Rh1 (green) and with Rh1 (blue).
doi:10.1371/journal.pone.0155728.g002
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Alternate data transformation
While the data from the split-reference tranformation showed multiple wavelength regions of
good and poor discrimination, the mean transformation led to data that indicated one wave-
length region of good discrimination, for short wavelengths, and one region of less good dis-
crimination, for long wavelengths (Fig 2e). Furthermore, the number of data points was
reduced to six (see Methods). While the best fitting model for the data from the alternate trans-
formation was also a model with Rh1, in general all models had to be rejected (p< 0.001) and
the clear difference in fit quality, which was apparent for the data from the original transforma-
tion, disappeared. This means that no model was able to explain the data from the alternate
transformation.
Encoding of natural spectra
Fig 4 shows the statistics of the natural spectra. The average spectrum is maximally reflective in
the long wavelength range. Likewise, the differential entropy indicates that the long wavelength
range is most informative, with a steep decline in information below 550 nm. In the range
between 500 nm-400 nm it reaches a rather stable plateau. This plateau is followed by another
Table 3. Best fitting models when one opsin type is removed. The first column indicates the missing
opsin type. The second column indicates the mechanism and the third column the associated weights. The
fourth column indicate the associated p values.
Missing Opsin Mechanisms Weights p
Rh1 Rh3-Rh5, Rh4-Rh6 610, 177 0.0000
Rh3 Rh1-Rh6, Rh4-Rh6 101, 85 0.17
Rh4 Rh3-Rh6, Rh1-Rh6 125, 219 0.0016
Rh5 Rh1-Rh6, Rh4-Rh6 101, 85 0.17
Rh6 Rh1-Rh3, Rh1-Rh4, Rh3-Rh4, Rh4-Rh5 71, 70, 61, 48 0.0000
doi:10.1371/journal.pone.0155728.t003
Fig 3. Contributions of receptors and opponent mechanisms to the model fits (p>0.05). (a) Relative
contribution of each receptor, measured by the total sum of weights over all fits. (b) Relative contributions of
each opponent mechanism; For readability only contributions of 3% or more are labeled.
doi:10.1371/journal.pone.0155728.g003
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Fig 4. Natural spectra statistics. (a) Average over all spectra in the FRED database. (b) Coefficient of
variation as function of wavelength. (c) Differential entropy. All plots show values calculated for each
wavelength bin separately.
doi:10.1371/journal.pone.0155728.g004
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decline to another plateau below 380 nm. Interestingly, in a range above 490 nm, where Rh1 is
the most sensitive opsin (see. Fig 2b), the differential entropy starts to rise, and it is this very
area where Drosophila wavelength discrimination is best [24].
The average power spectral density of natural spectra can be seen in Fig 5a. Most power is in
the low frequencies, and power spectral density shows a rapid decline with frequency, which
becomes slower around 0.01 cy/nm. Fig 5a shows the cumulative distribution of spectra for a
given power fraction, calculated for three cut-off frequencies. At a cut-off frequency of 0.011
cy/nm, most of the spectra have already lost 98.5% or more of their power. This is in line with
previous findings [18], but here we used a larger set of different reflectance spectra. It confirms
that natural reflectance spectra are approximately band limited with a cut-off frequency of 0.01
cy/nm. Thus, it is sufficient to sample changes in reflectance that have a cycle length of 100
nm. Considering the sampling theorem [28] and by assuming a visual range of 300 nm-550
nm, we can conclude that five receptors, evenly spaced 50 nm apart from each other (eg., with
peaks at 325 nm, 375 nm, 425 nm, 475 nm, 525 nm) would perfectly sample the natural data
variability.
The mutual information in the five receptor types is shown in Fig 6b. The Rh6 opsin is most
informative, directly followed by Rh1 and Rh5. The two UV receptor types are only half as
informative as their longer wavelength companions. Of the five possible four-receptor combi-
nations, the traditional system without Rh1 is actually most informative, while for the other
combinations the informational content is higher when substituting lower wavelength opsins
with Rh1. Finally, the addition of the Rh1 opsin to the traditional system, leading to a five
receptor system, is only 7% more informative. On average, moving from three to four receptors
systems adds 17% of information; from two to three receptors 21% (data not shown).
Discussion
In a previous study we focused on models that, considered as being implied by the retinal archi-
tecture, included comparisons between inner ommatidial receptors only (Rh3-Rh5 or
Rh4-Rh6). Here we provide a more in-depth analysis on the role of the outer receptors with
Rh1. We determined the best fitting opponent models that either included or did not include
Rh1. The well fitting models all made use of spectral information from Rh1. Furthermore, the
opsin that contributed most to the good fits was Rh6, directly followed by Rh1. Additionally we
found that the Rh1-Rh6 opponency together with the Rh6-Rh4 opponency explained most of
the data. The reason for this can be found in the spectral profiles of the opponent mechanisms.
The only mechanism that had a maximum in the slope near 500 nm, where the data indicate
good wavelength discrimination in the fly, was the Rh1-Rh6 opponency. For shorter wave-
lengths, around 470 nm, the behavioral data suggested a lower discrimination, requiring a
lower slope, as exhibited by the Rh1-Rh6 mechanism. Another increase in discrimination at
even shorter wavelengths is also supported by the Rh1-Rh6 opponency. Above 500 nm, the
data indicated a sharp decline in discriminability. This decline was supported by a decline in
the slope of the Rh4-Rh6 opponency, the mechanism which might also well contribute to the
increase in discriminability between 470 nm and 400 nm. Thus, a combination of the two
opponent mechanisms, Rh4-Rh6 and Rh1-Rh6 already explains the data quite well.
Two aspects of the behavioral data may have led to an overestimation of the role of Rh1.
First, there are two data points near 500 nm, which amplifies the requirement of a mechanism
that explains the data in this region. However, repeating the analysis with one of these data
points excluded did not lead to qualitatively different results. Furthermore, the absence of data
in the UV range clearly downplays the role of the two UV opsins (Rh3, Rh4). Nevertheless,
while quantitatively the weight of Rh1 in the model fits might overestimate its role, the
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qualitative argument holds that the increase in discrimination performance between 470 and
500 nm can only be explained with a contribution of Rh1. Concerning the role of the other
opsins it is surprising that Rh5 did not contribute to the best fitting models. Among the models
with a p value above 0.05 there were models with significant contribution from Rh5. However,
Fig 5. Power spectral density of natural spectra. (a) Average psd calculated over all spectra (blue line, the
shaded area indicates standard deviation). Individual psd are plotted as thin yellow lines. The abscissa
indicates spectral frequency in cycles per nanometer. The ordinate indicates power measured in dB. (b)
Fraction of spectra (ordinate) that have a cumulative power fraction below a certain value (abscissa). Values
are plotted for cut-off frequencies of 0.008 (blue), 0.011 (green), and 0.016 (red). Dotted lines indicate
quartiles.
doi:10.1371/journal.pone.0155728.g005
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Fig 6. Mutual information. (a) First four principal components calculated over all spectra. Curves indicate
unnormalized raw PCA values as a function of wavelength. (b) Mutual information between the individual
receptors and the spectra. (c) Mutual information between the five possible systems with four receptors and
the system with five receptors. Values are reported as fraction of the maximum [21].
doi:10.1371/journal.pone.0155728.g006
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the majority of well fitting models did not include Rh5. Considering the nature and sparsity of
the dataset (see also below) as well as the data from dichromatic flies [16], it should not be con-
cluded that Rh5 does not contribute to color discrimination in wildtype Drosophila. Neverthe-
less, the data used here is best explained by a model that uses only Rh1, Rh4 and Rh6.
Only models using Rh1 yielded fits with p values above 0.05. However, even the best fitting
model had a p value of only 0.17. This low value was mainly due to the poor fit to the data
point at 550 nm. If this data point is excluded, the fit quality rises to a value of 0.75. It is impor-
tant to point out that the predicted good wavelength discrimination at 550 nm that can be
found in the best fitting models is a direct consequence of the spectral sensitivity of the Rh6
opsin (see Fig 2b). The Rh6 slope peaks at 550 nm and therefore models including Rh6 neces-
sarily predict better discrimination at 550 nm than for longer wavelengths. In their original
publication, Hernandez de Salomon and Spatz [24] pointed out that errors in the data
increased considerably above 500 nm, and in particular that the value at 578 nm is not signifi-
cantly different from the value at 550 nm. At wavelengths above 500 nm the overlap between
spectral sensitivities, a necessary prerequisite for color discrimination, is low, and moreover,
the two curves have slopes of same sign. Together with the low overall sensitivity in this wave-
length range [24] it seems feasible that the stimuli were not properly matched for brightness
and that therefore values above 500 nm are unreliable. Overall the goodness of fit was not very
high for any of the models. Comparable analyses of wavelength discrimination are rare [30],
and it is not clear whether better fits could be expected at all.
In our modeling paradigm, opponent channels are insensitive to intensity changes of broad-
band light, but for monochromatic stimuli, this is not strictly speaking the case. We neverthe-
less assumed that non-opponent mechanisms do not play a role for wavelength discrimination.
This assumption has been shown to be valid in bees [31], but so far not in Drosophila. While
the available data for Drosophila are not rich enough to apply the approach used in bees, we
tried to fit purely non-opponent models, i.e., models that combine receptor signals additively,
including approaches based on the envelope of the spectral sensitivity curves. None of these
models yielded fits that were as good as those with opponent models (data not shown). For the
more interesting case of a mixture of non-opponent and opponent mechanisms, we introduced
all possible non-opponent combinations of two receptors to the mechanisms used for fitting.
We performed fits with all possible models combining up to five mechanisms. As was the case
for models comprised exclusively of opponent mechanisms, none of the mixed models without
Rh1 provided a good fit. Non-opponent mechanisms did not contribute strongly to the best fit-
ting models. For example, the best fitting mixed model had a p value of 0.15 and was a combi-
nation of the two chromatic mechanisms that also gave the best fit in the chromatic case
(Rh1-Rh6, Rh4-Rh6) and one non-opponent mechanism (Rh4+Rh5). The weights of the three
mechanisms were 98, 75 and 6, respectively, indicating a very low contribution of the non-
opponent mechanism. In general, non-opponent mechanisms contributed less than 5% of the
weight to the models giving good fits, indicating that spectral discrimination in Drosophila is
mainly based on opponent signals.
In cases where noise is proportional to the signal, it has been shown that the logarithm of
the receptor signals can be a better choice to model spectral data [32]. Several models in the lit-
erature also had a nonlinear component [32–34], however linear approaches also have been
shown to yield reliable estimates [35]. We therefore performed an analysis assuming logarith-
mic receptor signals. We found that no model (neither with Rh1 nor without Rh1) gave accept-
able fits. The best fit was by a model that combined the two channels Rh1-Rh6 and Rh3-Rh6.
However, even with this model, goodness of fit (p< 0.001) was orders of magnitude below the
fits of the linear models.
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Relating the slope of the spectral sensitivities of the photoreceptors to wavelength discrimi-
nation implies that δλ is small enough so that the slope can be taken as constant. The values
reported in [24] can be as high as 80 nm, a value for which it seems unlikely that this assump-
tion is valid. However, there is reason to interpret these values as relative as opposed to abso-
lute. First, it would be inconsistent to have a discrimination threshold of 80 nm at one
wavelength, and 50 nm away a threshold of 20 nm, as is the case in this dataset. As explained
above, the values derived by the method of Hernandez de Salomon and Spatz depends on an
arbitrarily chosen threshold and provides only a lower estimate of the ability of the flies to dis-
criminate wavelength [24]. Furthermore, the data were obtained in experiments where the
behavior of a population of flies was measured. In this paradigm, flies that did not learn the
task would have decreased the resulting value of wavelength discrimination. Studies of wave-
length discrimination in other insects that reported much lower discrimination thresholds [12,
23] had been performed on individual animals. It can be assumed that in those studies, animals
that did not learn the task had been excluded
Other studies on wavelength discrimination have specifically included assumptions about
background illumination [30]. We therefore tested whether such a modification would
improve the fits and tested the model with the assumption of a background illumination with
the spectrum of either a Tungsten lamp (see [30]) or the standard daylight D65. However, in
both cases the fit quality decreased compared to the model without assumption of a specific
background illumination.
It would be of high value to have a larger dataset on Drosophila color discrimination, ideally
measured directly at wavelengths where δλ is comparable for shorter and longer wavelength.
With respect to our main finding, a denser sampling of the region between 450 nm and 500
nm could provide a critical test of a contribution of Rh1. It would also be interesting to test ani-
mals with stimuli that are metameric with respect to all but one opsin type, as has been done in
primates [36] using broadband stimuli. This type of stimulation, however, requires very precise
knowledge of the shape of the spectral sensitivities, which is currently not available for Dro-
sophila. Furthermore, it might be hard to achieve high enough contrasts, especially for photo-
receptors with similar or broad spectral sensitivities. Testing individual flies [12] in
combination with probabilistic choice modeling [37, 38] and the derivation of psychometric
functions which account for lapse rates and biases [38–40] might help further to reduce arbi-
trariness and noise in the estimates.
In general, the mean-data transform results in a discrimination function that is less complex
than the function obtained with the split-reference transformation. Besides the reduction in
the number of data points, the discrimination function indicates one region of good discrimi-
nation in the short wavelength range and one region of poor discrimination in the long wave-
length range, with a rather steep transition. While in this case the best fitting model was a
model with Rh1 as well, all fits were poor. Thus, the mean-data transformation leads to δλ esti-
mates that can hardly be explained by a linear combination of the rhodopsin spectral sensitivity
slopes. This clearly argues in favor of using the split-reference transformation to derive wave-
length discrimination functions at least in cases where the conditioning index functions are
rather asymmetric with respect to the reference wavelength.
One caveat of the split-reference transformation is that a change of the criterion level to cal-
culate the δλ values not only changes the discriminability values. Because the virtual reference
wavelengths depend on the derived discriminabilities, both x and y values of the data points
change with changing criterion levels. This effect is more severe for datapoints where discrimi-
nation is poor than for points with good discrimination. If discrimination is good, the slope of
the conditioning index curves is high, implying that a change in the criterion level, defined on
the y-axis, leads to small changes in the reference wavelength. Our main finding is mainly due
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to two points with good discrimination near 500 nm, and it is therefore rather robust against
reasonable changes in the criterion level.
Considering natural reflectance spectra, the conditioned entropy values indicate that, on
average, the long wavelength range is most informative, followed by a mid-wavelength region
between 400 nm and 500 nm. Interestingly, in a range where spectral information increases
(490 nm and above), Rh1 is most sensitive, while the other available receptors are rather insen-
sitive (Fig 2b). Together with the assessment of the power spectral density distribution of natu-
ral reflectance spectra, which argue in favor of including a fifth receptor type, this supports our
conclusions from the model results.
Analysis of mutual information indicates that that Rh1 is the second most informative Dro-
sophila opsin (see Fig 6b). In general, there is a trend that the more sensitive a receptor type is
for the long wavelength the higher its mutual information. The differences of informational
value in the four receptor systems are not very large (see Fig 6c), and the addition of Rh1 to the
traditional four-receptor system increases the information by only 7%. Compared to the infor-
mation added when going from three to four receptors, this seems not particularly large. How-
ever, it is substantial considering that the fifth principal component accounts for only 3% of
the variability.
The important aspect is that Rh1 contributes information, considering that Rh1 is highly
correlated with both Rh5 and Rh6.
This does not need to be an optimization and could, as suggested by Kelber and Henze [41],
be due to convergence in visual pathways that intersect at higher levels, subserving other func-
tions than optimizing for color vision.
On the other hand, it is possible that not all of the inner receptors contribute to color vision
in Drosophila. It is known that the butterfly Papilio, with eight different opsins, is only tetra-
chromatic [30]. Our analysis of the wavelength discrimination data demonstrate that, at least
in the visual range, just three receptors are best to model the data. Adding more receptors
reduces goodness of fits, not only because of the higher number of parameters, but because dis-
crimination increased where the data suggested poor discrimination.
Potentially, further opsins could contribute in the UV, where currently no wavelength dis-
crimination data for Drosophila are available. However, the reflectance data indicate that
among the four opsins there is not much variability in the mutual information, which would
speak in favor of a contribution by Rh1 rather than one of the other opsins.
Concerning possible implementations it has been shown that the outer photoreceptors do
not terminate in the medulla as the inner photoreceptors but in the lamina neuropil. From
there three lamina monopolar cells (L1,L2,L3) connect directly to the medulla, where signals
from outer and inner receptors converge [42, 43]. Interestingly, blocking the laminar monopo-
lar cells L1–L3 inhibits blue/green discrimination in Drosophila [16]. Non-columnar projec-
tion neurons could mediate interommatidial combination of inner receptor signals [44],
however, such combination would not be predicted by our best fitting model. In the calculation
of the mutual information we have assumed the same noise level for all opsins. This is certainly
an oversimplification, especially considering that there are more outer receptors with Rh1 than
inner receptors, and more than twice as many pale than yellow ommatidia [5, 45]. While, in a
receptor noise limited regime, this would have an effect on the information for the individual
opsins, the values for systems combining several opsins will practically not change. As reported
above, for combinations of four opsins there is already very little difference in the mutual infor-
mation. This is mainly due to the spectral correlation structure between the spectral sensitivi-
ties and the smoothness of natural reflectances. Neither the high correlation between the
shapes of the spectral sensitivities nor the smoothness of natural spectra, however, is changed
by different noise levels when calculating mutual information.
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Koshitake et al. [30] modeled wavelength discrimination in the butterfly with an approach
that also builds on chromatic comparisons, but assumes that discrimination is limited by the
noise in the photoreceptors. We found such a model to work poorly for the Drosophila data
used here (data not shown). First, absolute thresholds could not be replicated, and even after
introduction of a scaling parameter, fits with noise levels based on receptor count did not pro-
vide acceptable errors (p< 0.001).This could be an indication that color discrimination in Dro-
sophila is not limited by receptor noise but by postreceptoral stages.
Troje [12] studied wavelength discrimination in the goldfly and found that it is possible to
explain the behavioral data without the incorporation of the signals from Rh1. There are sev-
eral prominent and also subtle differences between the data used in that study and the data we
used. Like the data from Hernandez de Salomon and Spatz [24], the results by Troje [12] indi-
cate good discrimination around 500 nm. Besides the difference that the model by Troje [12]
tries to predict the learning curves directly, whereas our models predict the wavelength dis-
crimination function, given the similarities in the data, why do the results differ?
The critical difference lies in the spectral sensitivity functions used. In particular the Rh6
spectral sensitivity function that we used, which was directly measured in Drosophila [14],
however expressed in the outer receptors, is broader than the one used by Troje [12], which
was measured in Musca [46] and is narrower because of screening by the R7 receptor. This
Rh6 function has an absolute slope change in the region between 470 nm and 500 nm, and it is
likely that with the Drosophila Rh6 spectral sensitivities used by us the results by Troje [12]
would have been different. A different Rh6 spectral sensitivity could be an alternative explana-
tion to a contribution of Rh1 to Drosophila wavelength discrimination, if the Rh6 curve would
have a higher slope near 500 nm than near 470 nm. However, for this to occur the point of
inflection of the Rh6 spectral sensitivity curve would need to be shifted by almost 50 nm, which
seems unlikely with shielding from R7.
In conclusion, we have confirmed that the behavioral data on wavelength discrimination in
Drosophila can hardly be understood without incorporating Rh1. This result is mainly due to
the good discrimination around 500 nm which directly relates to the spectral sensitivity of the
Rh1 opsin. Neither a different weighting scheme nor reasonable modifications in the derivation
of the discrimination function alter this conclusion. The contribution of Rh1 to the best fitting
models is prominent, and a model comparing signals from Rh1, Rh6 and Rh4 already provides
a good explanation of the discrimination behavior of the wild type fly. With respect to the
encoding of natural reflectance spectra, the spectral positioning of Rh1 is actually not optimal
for discrimination. The power spectral density of natural spectra indicates that five receptor
spectral sensitivities would be optimal for the visual range of Drosophila. However, this argu-
ment is based on the assumption of an equidistant sampling of the spectrum with rather broad
receptoral functions located roughly fifty nanometer apart. It is rather obvious that this is not
the case for Rh1, Rh3, and Rh4. Furthermore, the double peaked nature of the sensitivity of the
Rh1 containing receptors render them suboptimal for unambiguous spectral discrimination
[12]. Whether color vision is important for Drosophila at all is an open question [47], but the
behavioral data indicate a role for Rh1 when color discrimination is tested, and our theoretical
analysis of natural reflectance data shows that there is information in the signals of a fifth opsin
in general, and Rh1 in particular.
Supporting Information
S1 Data. Spectra IDs. S1_Data.csv lists the ids (see http://www.reflectance.co.uk/) of all spectra
used in this study.
(CSV)
Wavelength Discrimination in Drosophila Suggests a Role of Rhodopsin 1 in Color Vision
PLOS ONE | DOI:10.1371/journal.pone.0155728 June 3, 2016 17 / 20
Acknowledgments
We would like to thank Hiromu Tanimoto and Christopher Schnaitmann for fruitful discus-
sions, as well as Franziska Hellmundt and Christian Kellner for their valuable comments on
the manuscript. This works was supported by Bernstein Center Munich (BMBF grant
01GQ1004A).
Author Contributions
Conceived and designed the experiments: CG TW. Analyzed the data: CG. Wrote the paper:
CG TW.
References
1. Menne D, Spatz HC. Colour vision in Drosophila melanogaster. Journal of Comparative Physiology A:
Neuroethology, Sensory, Neural, and Behavioral Physiology. 1977; 114(3):301–312. doi: 10.1007/
BF00657325
2. Rister J, Desplan C, Vasiliauskas D. Establishing and maintaining gene expression patterns: insights
from sensory receptor patterning. Development. 2013; 140(3):493–503. doi: 10.1242/dev.079095
PMID: 23293281
3. Hardie RC. Functional organization of the fly retina. Springer; 1985.
4. Franceschini N, Kirschfeld K, Minke B. Fluorescence of photoreceptor cells observed in vivo. Science.
1981; 213(4513):1264–1267. doi: 10.1126/science.7268434 PMID: 7268434
5. ChouWH, Hall KJ, Wilson DB, Wideman CL, Townson SM, Chadwell LV, et al. Identification of a novel
Drosophila opsin reveals specific patterning of the R7 and R8 photoreceptor cells. Neuron. 1996; 17
(6):1101–1115. doi: 10.1016/S0896-6273(00)80243-3 PMID: 8982159
6. Huber A, Schulz S, Bentrop J, Groell C, Wolfrum U, Paulsen R. Molecular cloning of Drosophila Rh6
rhodopsin: the visual pigment of a subset of R8 photoreceptor cells. FEBS letters. 1997; 406(1):6–10.
doi: 10.1016/S0014-5793(97)00210-X PMID: 9109375
7. Papatsenko D, Sheng G, Desplan C. A new rhodopsin in R8 photoreceptors of Drosophila: evidence
for coordinate expression with Rh3 in R7 cells. Development. 1997; 124(9):1665–1673. PMID:
9165115
8. Mazzoni EO, Celik A, Wernet MF, Vasiliauskas D, Johnston RJ, Cook TA, et al. Iroquois complex
genes induce co-expression of rhodopsins in Drosophila. PLoS Biol. 2008; 6(4):e97. doi: 10.1371/
journal.pbio.0060097 PMID: 18433293
9. Fortini ME, Rubin GM. The optic lobe projection pattern of polarization-sensitive photoreceptor cells in
Drosophila melanogaster. Cell and tissue research. 1991; 265(1):185–191. doi: 10.1007/BF00318153
PMID: 1913776
10. Wernet MF, Labhart T, Baumann F, Mazzoni EO, Pichaud F, Desplan C. Homothorax switches function
of Drosophila photoreceptors from color to polarized light sensors. Cell. 2003; 115(3):267–279. doi: 10.
1016/S0092-8674(03)00848-1 PMID: 14636555
11. Kirschfeld DK, Franceschini N. Optische Eigenschaften der Ommatidien im Komplexauge von Musca.
Kybernetik. 1968; 5(2):47–52. doi: 10.1007/BF00272694 PMID: 5702780
12. Troje N. Spectral categories in the learning behaviour of blowflies. Z Naturforsch C. 1993; 48:96–104.
13. Kirschfeld K, Feiler R, Hardie R, Vogt K, Franceschini N. The sensitizing pigment in fly photoreceptors.
Biophysics of Structure and Mechanism. 1983; 10(1–2):81–92. doi: 10.1007/BF00535544
14. Salcedo E, Huber A, Henrich S, Chadwell LV, ChouWH, Paulsen R, et al. Blue- and Green-Absorbing
Visual Pigments of Drosophila: Ectopic Expression and Physiological Characterization of the R8 Photo-
receptor Cell-Specific Rh5 and Rh6 Rhodopsins. J Neurosci. 1999; 19(24):10716–10726. PMID:
10594055
15. Salcedo E, Zheng L, Phistry M, Bagg EE, Britt SG. Molecular Basis for Ultraviolet Vision in Inverte-
brates. The Journal of Neuroscience. 2003; 23(34):10873–10878. PMID: 14645481
16. Schnaitmann C, Garbers C, Wachtler T, Tanimoto H. Color Discrimination with Broadband Photorecep-
tors. Current Biology. 2013; 23(23):2375–2382. doi: 10.1016/j.cub.2013.10.037 PMID: 24268411
17. Barlow HB. What causes trichromacy? A theoretical analysis using comb-filtered spectra. Vision
Research. 1982; 22(6):635–643. doi: 10.1016/0042-6989(82)90099-2 PMID: 6981244
18. Maloney LT. Evaluation of linear models of surface spectral reflectance with small numbers of parame-
ters. Journal of the Optical Society of America A. 1986; 3(10):1673. doi: 10.1364/JOSAA.3.001673
Wavelength Discrimination in Drosophila Suggests a Role of Rhodopsin 1 in Color Vision
PLOS ONE | DOI:10.1371/journal.pone.0155728 June 3, 2016 18 / 20
19. Vorobyev M. Costs and benefits of increasing the dimensionality of colour vision system. Biophysics of
photoreception: molecular and phototransductive events. 1997; p. 280–289.
20. Arnold SEJ, Faruq S, Savolainen V, McOwan PW, Chittka L. FReD: The Floral Reflectance Database
—AWeb Portal for Analyses of Flower Colour. PLoS ONE. 2010; 5(12):e14287. doi: 10.1371/journal.
pone.0014287 PMID: 21170326
21. Lewis A, Zhaoping L. Are cone sensitivities determined by natural color statistics? Journal of Vision.
2006; 6(3). doi: 10.1167/6.3.8 PMID: 16643096
22. Wright WD, Pitt FHG. Hue-discrimination in normal colour-vision. Proceedings of the Physical Society.
1934; 46(3):459. doi: 10.1088/0959-5309/46/3/317
23. Helversen Ov. Zur spektralen Unterschiedsempfindlichkeit der Honigbiene. Journal of comparative
physiology. 1972; 80(4):439–472. doi: 10.1007/BF00696438
24. Hernandez de Salomon C, Spatz HC. Colour vision inDrosophila melanogaster: Wavelength discrimi-
nation. Journal of Comparative Physiology A: Neuroethology, Sensory, Neural, and Behavioral Physiol-
ogy. 1983; 150(1):31–37. doi: 10.1007/BF00605285
25. De Valois RL, Morgan HC. Psychophysical studies of monkey vision—II. Squirrel monkey wavelength
and saturation discrimination. Vision Research. 1974; 14(1):69–73. doi: 10.1016/0042-6989(74)90117-
5 PMID: 4204838
26. Vorobyev M, Osorio D. Receptor noise as a determinant of colour thresholds. Proceedings of the Royal
Society of London Series B: Biological Sciences. 1998; 265(1394):351. doi: 10.1098/rspb.1998.0302
PMID: 9523436
27. Jones E, Oliphant T, Peterson P, et al. SciPy: Open source scientific tools for Python; 2001.
28. Kotel’nikov VA. On the transmission capacity of’ether’ and wire in electric communications. Physics-
Uspekhi. 2006; 49(7):736. doi: 10.1070/PU2006v049n07ABEH006160
29. Kloeckner A, Pinto N, Lee Y, Catanzaro B, Ivanov P, Fasih A. PyCUDA and PyOpenCL: A scripting-
based approach to GPU run-time code generation. Parallel Computing. 2012; 38(3):157–174. doi: 10.
1016/j.parco.2011.09.001
30. Koshitaka H, Kinoshita M, Vorobyev M, Arikawa K. Tetrachromacy in a butterfly that has eight varieties
of spectral receptors. Proceedings of the Royal Society B: Biological Sciences. 2008; 275(1637):947–
954. doi: 10.1098/rspb.2007.1614 PMID: 18230593
31. Brandt R, Vorobyev M. Metric analysis of threshold spectral sensitivity in the honeybee. Vision
research. 1997; 37(4):425–439. doi: 10.1016/S0042-6989(96)00195-2 PMID: 9156174
32. Vorobyev M, Brandt R, Peitsch D, Laughlin SB, Menzel R. Colour thresholds and receptor noise:
behaviour and physiology compared. Vision Research. 2001; 41(5):639–653. doi: 10.1016/S0042-
6989(00)00288-1 PMID: 11226508
33. Stiles WS. A modified Helmholtz line-element in brightness-colour space. Proceedings of the Physical
Society. 1946; 58(1):41. doi: 10.1088/0959-5309/58/1/305
34. BackhausW, Menzel R. Color distance derived from a receptor model of color vision in the honeybee.
Biological Cybernetics. 1987; 55(5):321–331. doi: 10.1007/BF02281978
35. Kelber A. Receptor based models for spontaneous colour choices in flies and butterflies. Entomologia
Experimentalis et Applicata. 2001; 99(2):231–244. doi: 10.1046/j.1570-7458.2001.00822.x
36. Yeh T, Lee BB, Kremersy J. Temporal response of ganglion cells of the macaque retina to cone-specific
modulation. Journal of the Optical Society of America A. 1995; 12(3):456–464. doi: 10.1364/JOSAA.12.
000456
37. Busse L, Ayaz A, Dhruv NT, Katzner S, Saleem AB, Schölvinck ML, et al. The Detection of Visual Con-
trast in the Behaving Mouse. The Journal of Neuroscience. 2011; 31(31):11351–11361. doi: 10.1523/
JNEUROSCI.6689-10.2011 PMID: 21813694
38. Garbers C, Henke J, Leibold C, Wachtler T, Thurley K. Contextual processing of brightness and color in
Mongolian gerbils. Journal of Vision. 2015; 15(1):13. doi: 10.1167/15.1.13 PMID: 25589297
39. Wichmann FA, Hill NJ. The psychometric function: I. Fitting, sampling, and goodness of fit. Perception
& psychophysics. 2001; 63(8):1293–1313. doi: 10.3758/BF03194544
40. Prins N. The psychometric function: The lapse rate revisited. Journal of Vision. 2012; 12(6):25. doi: 10.
1167/12.6.25 PMID: 22715196
41. Kelber A, Henze MJ. Colour vision: parallel pathways intersect in Drosophila. Current biology: CB.
2013; 23(23):R1043–1045. doi: 10.1016/j.cub.2013.10.025 PMID: 24309280
42. Fischbach PKF, Dittrich APM. The optic lobe of Drosophila melanogaster. I. A Golgi analysis of wild-
type structure. Cell and Tissue Research. 1989; 258(3):441–475. doi: 10.1007/BF00218858
Wavelength Discrimination in Drosophila Suggests a Role of Rhodopsin 1 in Color Vision
PLOS ONE | DOI:10.1371/journal.pone.0155728 June 3, 2016 19 / 20
43. Meinertzhagen IA, O’neil SD. Synaptic organization of columnar elements in the lamina of the wild type
in Drosophila melanogaster. Journal of comparative neurology. 1991; 305(2):232–263. doi: 10.1002/
cne.903050206 PMID: 1902848
44. Morante J, Desplan C. The color-vision circuit in the medulla of Drosophila. Current Biology. 2008; 18
(8):553–565. doi: 10.1016/j.cub.2008.02.075 PMID: 18403201
45. ChouWH, Huber A, Bentrop J, Schulz S, Schwab K, Chadwell LV, et al. Patterning of the R7 and R8
photoreceptor cells of Drosophila: evidence for induced and default cell-fate specification. Develop-
ment. 1999; 126(4):607–616. PMID: 9895309
46. Hardie RC, Kirschfeld K. Ultraviolet sensitivity of fly photoreceptors R7 and R8: Evidence for a sensitis-
ing function. Biophysics of Structure and Mechanism. 1983; 9(3):171–180. doi: 10.1007/BF00537814
47. Lunau K. Visual ecology of flies with particular reference to colour vision and colour preferences. Jour-
nal of Comparative Physiology A. 2014; 200(6):497–512. doi: 10.1007/s00359-014-0895-1
Wavelength Discrimination in Drosophila Suggests a Role of Rhodopsin 1 in Color Vision
PLOS ONE | DOI:10.1371/journal.pone.0155728 June 3, 2016 20 / 20
